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Land Feature Data Water Feature Data Economic Feature Data

Tree Crops Non-Tree Crops Non-Ponded Crop Deliveries Alfalfa Almond
Non-Ponded Crop Pumping Apricot  Beeswax

Rice Crop Deliveries Cotton Grape
Rice Crop Pumping Honey Milk
Urban Deliveries Nectarine Pistachio
Urban Pumping Plum Walnut
Refuge Deliveries Wheat

Refuge Pumping
Total Pumping

Table S1. Feature data used to generate models during the experiment.



Spearman Correlation Coefficient
-06 -03 00 03 06 09

| |
Year 0.19 M 0.45 . 0.22 0.19 -0.28 [:() 0.31 0.27 -0.09-0.08 0.25 0.27 0.06 @ 0.39 0.12 -0.25 0.12
Almond Price 0.19 0.25 0.30 -0.07 0.11 0.14 0.17 0.18 0.18 0.09 -0.29 -0.06 -0.07 -0.08 0.06 -0.05
Almond Value m 0.25 0.36 -0.10 0.33 0.18 -0.11 0.29 -0.34 0.09 0.05 -0.26 -0.28 0.19 0.12 -0.21 0.13
Cotton Price 0.45 0.30 0.36 -0.22 0.20 -0.10-0.08 0.46‘ 0.30 0.36 0.08 -0.09 0.17 0.17 -0.19-0.20 0.12 0.08 -0.12 0.09
Cotton Value . -0.07 -0.10-0.22 -0.10 0.09 --0.08 - 0.11 0.19 -0.36 -0.37 0.38 0.42 -0.25-0.17 0.21 -0.18
Nectarine Price 0.22 0.11 0.33 0.20 -0.10 -0.06 -0.09 0.38 0.10 -0.24 -0.07 -0.18 -0.15 0.14 0.14 -0.19-0.20 0.07 -0.06 0.07
Nectarine Value 0.19 0.14 0.18 -0.10 0.09 -0.06 -0.17 0.10 0.37 -0.17 0.09 0.11 -0.09 -0.06 0.15 -0.13
Pistachio Price -0.28 0.17 -0.11-0.08 -0.09 -0.21 0.09 0.10 0.37 -0.10 0.06 0.27 0.28 -0.19 0.08
Pistachio Value 0.18 046‘. 0.38 -0.17 -0.21 0.31 -0.10 0.19 0.20 -0.41-0.45 0.29 0.12 -0.20 0.13
Walnut Price 0.31 0.29 0.30 -0.08 0.10 0.10 0.09 0.31 0.23 0.27 -0.08 0.05 -0.10-0.10 0.09 -0.08
Walnut Value 0.27 0.18 -0.34 -0.24 0.37 0.10 0.23 -0.23-0.14 0.22 0.24 -0.22-0.22 0.18 0.05 -0.10 0.05
Wheat Price 0.09 0.09 0.36 -0.07 0.37 0.27 0.40 0.18 0.19 -0.13
Wheat Value -0.09-0.29 0.08 0.11 -0.18-0.17 -0.08-0.23 0.40 0.16 -0.10-0.11 0.16 0.16 -0.08
Agricultural Deliveries -0.08 -0.06 -0.09 0.19 -0.15 -0.10-0.10 -0.14 0.16 -0.43-0.43 0.10
Agricultural Pumping 0.25 0.17 -0.36 0.14 0.06 0.19 0.22 -0.10-0.43 0.98 -0.20-0.14 0.17 0.25 -0.20 0.25
Total Pumping 0.27 0.17 -0.37 0.14 0.20 0.05 0.24 -0.11-0.43 [0R°L:] -0.22-0.17 0.29 0.27 -0.24 0.27
Refuge Deliveries 0.09 -0.06 -0.06
Refuge Pumping 0.06 0.05 0.11 -0.06 -0.06
Rice Deliveries @-0.07 -0.26-0.19 0.38 -0.19-0.09 0.27 -0.41-0.10-0.22 0.18 0.16 0.10 -0.20-0.22 0.93 -0.27 -0.22 0.28 -0.22
Rice Pumping }-0.08 -0.28 -0.20 0.42 -0.20 -0.06 0.28 -0.45-0.10-0.22 0.19 0.16 -0.14-0.17 0.93 -0.28-0.21 0.28 -0.21
Urban Deliveries 0.17
Urban Pumping 0.39 0.06 0.19 0.12 -0.25 0.15 -0.19 0.29 0.09 0.18 -0.13-0.08 0.17 0.29 -0.27 -0.28 0.17 0.22 -0.32 0.22
Tree State - Lag 1 0.12 0.12 0.08 -0.17 0.07 0.12 0.05 0.25 0.27 -0.06 -0.06 -0.22 -0.21 0.22 -0.13
Tree Change - Lag 1 -0.13 -0.19 0.15 -0.25
Non-Tree State - Lag 1 -0.25-0.05-0.21-0.12 0.21 -0.06 -0.13 0.08 -0.20 -0.08 -0.10 -0.20-0.24 0.28 0.28 -0.32 -0.22
Non-Tree Change - Lag 1 -0.19-0.22
Tree State - Present 0.12 0.13 0.09 -0.18 0.07 0.13 0.05 0.25 0.27 -0.06 -0.06 -0.22 -0.21 0.22 0.15 -0.12
Tree Change - Present -0.25 -0.12
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Figure S1. Nonlinear correlations for a subset of the features represented in the table above.
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Figure S2. Visualization of classification model performance metrics in relation to the simple

accuracy metric used in the paper.
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Figure S3. Visualization of the effect of classification model performance metric selection on

the resultant performance-complexity tradeoff.



